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Fig- 1 Frame wavelet decomposition
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Fig- 2 Feature extraction
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Fig- 3 Original texture images
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Fig- 4 Selection of test images
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Table 1 Test results

LTI 2K 42k 8% 16 2
GLCM 0.9212  0.8543  0.7055  0.5880
GMRF 0.8725  0.7458  0.5764  0.4359

GE 0.9304  0.8590  0.7225  0.6118
FD 0.9134  0.8419  0.7147  0.6097
SCM 0.9389  0.8655  0.7567  0.6532
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Scale Co-occurrence Matrix for Texture Analysis Using Wavelet Transform

WU Jun, ZHAO Zhong-ming
(' Institute of Remote Sensing Applications. CAS. National Engineering Research Center for Geoinformatices, Beijing 100101, China)

Abstract: In this paper, we proposed a new method for image feature extraction within scale space- The new method
captures the relation of features between different scales, but not the features within a single scale space- Compared with
the traditional methods, the proposed method can represent the scale property of texture better- In practice, we first con™
struct a scale-based concurrent matrix (SCM) which reflects the relation between different scales; and then using the ma-
trix calculate some useful measurements as the features for texture classification- FExperiments also show that the proposed
method can get more accurate results for texture classification than the traditional texture classification methods -

Key words: concurrent matrix; scale-based concurrent matrix ; frame wavelet ; texture classification



